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B — U LRRERI AR S 236 A Ty U 45 B

— A 5 2Ry B B T HE
KTE K

[HE)] AARXAIERA GO H —RALF ARG BRE L 20T
ik AhFRFe FRAT G RE, BEHF -—RKRAIFROGFLRRERTEELY,
CHRARENEANLR G MGTR ikt d, BXEAMBH —KAL
BUH AT AEAA R RSB Yoh, BEAMRBNERTER, HEARFE
RBIERSAE  BIAHNTH—RALERERGEA N BB E, 5T #
—RA TR A A NEAA R RE I R K JEAIB . R IR A TR A AL
AMREEH KR, MEDIE K A RS, ARLAEANFRF L
KB, BB 5 Sk R S8 16 LA T R BB B . AR S 5 T R
ALHRBRRES “RESHE" FAM, RXHET BH—RALH I,
MNE, ESF BRI T @ RG T AEASFTREEERY 06 A-TPE 4
MAER, R BETHAREGRRTES @,

[£@A) HF—RAIFERR ABAAFREE B K

[HE5%S] D63 [ THEkFRIRE] A

[XEHS] 1674-2486 (2026) 01-0026-20

F OpenAl A H]F 2022 4 11 A #EH ChatGPT J5, HER KN B4 MAE 51 & T
bR, BEE, SERBHETEM R A T LAKIE T BACY L0 N TR g
fh, AAHEH N TR BRI R HLES A Bard, HJEERSCL—F 4.0 IRA, FIHE S
ST ) QwQ = 32B #E AL, 2025 4, WREESR R S A A JF K AT T fR R T IR AR A
DeepSeek—R1, AMUFEAL T A M AT, @23 T AN TR & & X W EE
&, DA DeepSeek RACEMFF IR KA ALEZ#TB BB L7, 51 & — A T4 sE

« BB, HZRFAXTEFIEHRR, WIEATEAEMAGER K, BREE, KiFH,
HARFALEEEFZRG LML, RMBELFFTER, BT LT AIR BT FEAE
L5 B,

KeFR., BRALSHFRALERAD “HEFBAAFCHENGESZAHR” (21ZDA01S),
BHHHF R E AR RS LEFREIEF AR (24)YQG013) ,

. 26 -



H—RALKEEBRALEAAAI LR BRER, N EHGELHERS

AR FEHFINE . BEF R | SRS EAR KOOE F RS H — AN TR REE AR
RWPEA R, NTRBEGUEBI T AP ARA M R AR (OB, 2024) o B—fCA
THBEANBE A RS ZTT AR, 578 580k, #H . Bt 5o ks e Bt
ST AR TR o A B — AN TR BEROARAE 22 3N 7 B RS B A e ML R
RIS LR . SR BEAEPRTY (9 52 e S BRE J3 Hraz JH S AR B

DN SEAR TR AL A 7 il R 55 1 1 5 7 N RO AR D) B B 45 0 HL B % A Ay — 2
AN T BEIAE B A LRI S B A JLHBE A T 2 — B, [ 5 ) 8 A fedt B A0 A i
FEARKARE MR T AT B TAYPATREL (IRFE . 294E K, 2012) o FEARXC
AN BRE TR A ISEE B ASE sl AT, Wadh e 2
LT, EERBUNAS . AIFEWHR | AV HL | ARBUG H B IL R A
A (IR, 2019) . HET, 23S BaUsA oA g0 N T RE A9 N HH OF
RELAEWFEE, MATH AN TE RIS BONA R, A — R e 2
KMy BT RTE . AE 2023 AF 2 2024 AF[R], 2 34 BT Y K 2 AY [ BR A E A
WIRIAHAE A T WEFEARIR RIS 3T, 23 R 18— AU T3 BE BOR 7 47 18 7 7
5 PRSI e 589 0 DA AL B3 (] 4 28 3 pR SRAE AR

FHL, AU TR RERORH B AT I T AR Mk 55 H 5 AN K E 3tk
SRR, 2 D ERHERAF A SE O Tk 45, 40O Bl 2 53R 2 58 i
NHLEAESIAE | RIS TR M 2o 5 R R RS i 9T, LW o e A 5
T A BUARR AT LA 28 36 N ) W8 58 B vp B T 5 O (R A 2 (A, 2023) . A
KRG SCHR SRR, X A Ah 20 1) B A — AU TR RE R AR X A B
P (A SCWF S AT T Tz R | BRI T, REE T RS I A R HRAE 4R
I Fha 1 B 1R — AN TR RE B A 7 2 6 ) BT IR BTN B9 A-TPE WF 55 70 Br
HEZE, AR SCIKEERTTATT = AR 55—, OB — AN T2 BE A i ME & P9 I8
MR Ly 5 OB — AU TR BEE R 45 2 6N 7 B IR Bl ok 1 WP SE AL 38 ik
7 B =, RSRBT ST AT LIEAE B A B BT 5T AR HE S

. I RAIEREEARAMSNEMFARTE

(—) F—RALEREAREZNIE

B — RN TR BB R 2 IR B 2 A0, ol RO B U 9% 5 52 2% il &8
P26 28 H (UNAE X B I 46 | Transformer B27)) ST 3 FRHESR IS 2B N A4
B AT HY B2 AR K 2 ( Vaswani et al. , 2017; Brown et al. , 2020; Goodfellow et al. ,
2020) , EHANTREBEFEILT ARG | LRAGMAEMPLAS DB, iR
WA B AL (Osisanwo et al. , 2017), X 2247 A W G FIAH X BB —, T2 A0
iR s, TR R AR BLAS By sSSP, AR T I 2R

SEGENTEGEMIL, Br— AN T RBEARNUY R T HAD R, ;TN
WSy BN A G, EHES) TN T AR BB A XA, RO TE T

.27.
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i A 355 ) R SRR T RIS B 3 T
(Z) MIRFE

TR G A T R R B — AR AR R B AR 2 3 N Ty B IR A LR e %) AH DG F
TR, ARBFFE Y Tranfield 55 (2003) B9 R G CHkZER Y (Systematic Literature
Review) 87— A0 TR REH AR 524 3 A 77 58 I8 B OC & 19 A7 98 LR A7 S 45 70
B,

S, SCBRKE R . b T 4R SR B9 2 B T i O EL AR B A T Y B o B SR
AX S Vrontis F (2023) , W/MESE (2021) BFFEMBIFIEIE, #£ EBSCO, Web
of Science, CNKI ZF %4 21 & X% E N Ab— I A B IRA5 3 | A5 302 | (5 B 20 )
HATSCIRES R . SRS, FRATE B BUHE -1 6 X0 [ P A T2 1Y) 22 1 A7 2 R0 32 B
TIFEAT T SCHERAE RN FE . H T8 — AR TR RE AR (9 4 e AU KR 7E 2022 4F 11 1
Open Al #EH ChatGPT Ji, I, A SCKKEREHHE A 2022 4F 12 A = 2024 4 12
AO, FRKRM 28R A 55 “ artificial intelligence”  “algorithm”  “ chatbots”
“ deeplearning 7 “ natural language processing ( NLP )” * algorithmic ” “ Chatgpt ”
“algorithm” “machine” “technology” “ N THIRE” “HRE” “Hlax” “BIL”, WILKR
JE AR 92 J SCHR

5520, SCHRTE, O T AR R SCER B S AR SC R, AT HE— 2D AR 4R LR bR
HEXS SCHRIEAT O e . (1) DAL SCRRAR R AN 2, B BR 5 N 00 98 U548 3 32 R ) g AN A+
(129 e SCHk . (2) BEEESCERI 24 SR, IR T 0F9E b 58— AN TR REBOR AR
AN BRAAT R SCHR 12 5, e, ASCHSRIGAT & A0 A9 A%0 S0 51 5

LATRG M 7% SCER P e L HeR, R EHRERAEAZH, BXE
HBHE T AR LAY H AR LA, G0 3 AR BRI R B A S A X SE R B LA ST B
SRR A I A BE IR PR R BB B e, il i ¥ A R0 & BB ik A AL G R LA
A (Chatbot) , J T AL B AU,

R, FRATT 3% BREAR (19 2% BUIE 20k SOk i 8 S i — AN R e R kA7 1
328, BEARAR LB R AR S T A I A BEIRAE BRI 2 O AL AR (BRDSCHER
I B — RN T RERR) FALIRA (38— AN TR BEHARS HAb R Gk A
MM EGIEA) s AR Lo — RN TR BRE ARAVE ] T2 3 A 07 B 9548 B 7 X
AT Sy, BEE L B S (RS iRl T R (SRS
B, Blamdlas N) o R e, o SCEkErd R ays — AN TR REH AR WK 1 fr
IR R AR, SR SR RN R N LR BEROR 5 SR AR 4 S A
AL, AT T AL 5 A9 A% O SRR 395 Ko N T BE, BRI T b 9 565 U 2 BR O
TCAHRL A AR

O #HFEE QE LR B AR KGR,

.28 .



H—RALERBALSAAAIRREL, N FHRGELUIEEL @

4 I
- ST AREAIZR A N T R 0
- AT R - R A
WA 3 W 2 4 - YRR T AT HARIE S BT
TR S B TS R AR - KT Bing - 7K Bard
LT R S AR AT AR CIETIREESE S IS (VR ) 454
- Doc2Vee A% ] kRS I o - LT SR S AL AR AR A
- AN TR R - ChatGPT - FEFERETEM AR IR RS
- FSRIES AR (NLP) A o TR 3] W2 4 1 R
Al < > ALt A
NEEX SIOIIETIN
- STV S L
Y
&R

B1 #H—RAIZERARSE
FA R, AR,
BET XL SCIRE R G B, A SCR B — RN TR R AR I N Ty BT iR
R N S B AL S PR OT AR TR 2 0N = A G A R )
5 A R AT IRA T

= H-—RAIERBANLAEANFZFREENINE
(—) HRESRBRFFMAS AL

1. I —RAZFRBEREATHESHFEELSRBEFERNER LHF

B — RN TR BRI RS SERIT AR TR A R, A
TIPSR 7T A, WK EME R R, AN TR R
REREA | A AN FH R A [R] ok U5 0 i o MR B, B IS s E R i E BLARAS 1
B, Aok A BECR . SR SCER ATl i DA KBRS AR S5 A 6B ( Burger et
al. , 2023), A AYEITRHEE G DL HURE ) Bos S U1 2 o e s 4 4t 7 0 2 5 i 1R
EIEREAN T o] 52 09 2 % K P . Budhwar 55 (2023) A& B, 76 AN 1% 4 B,
ChatGPT Al LIZSEG L | OB | G327 S5 QU R R, O A8 8% i 43 4 T kS
T 1Y PSR A

B — AN TR BEH AR AR AR JE T AR A 3 A A gl i U sk, 38 X0 1
R AR G N, PP RE 7 (R — AN TR BB R R AE A 7] P 5 4 55t v A i o A U
BB, 7ER TEUE P, ChatGPT 1] DIARHE 51 T HRAL . A1 BA 4R B FINT: 55 B b
A PR et %6, TR AL AL B9 e 3K A5 ( Chaudhary, 2023), 7E % 44
IR aerh, ChatGPT W] L 3d £ JH 5 I %) 2L fige 1 07 8 0 o $ Ak S Bsf %) e 5 S 5
FEAR PR 7 %8 . Raisch Al Fomina (2023) %Hﬂ, N5 N TH el 32 72
R (Interactive Search) , B NS5 A T 5 RE7E A& /™ [n] @ figf P o A2 vp 38 o A0 2% >0 Fl
B, e BUE 2 6 2 AU A D SRR AT P E TR T R

.29.
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2. H—RAZFRBEARG TR ASRAANEA S TR EF TN AL

H—RANTRRREAR (BHE) MFFRcHxT 23 A 07 3 I M b g J 1 24k
G SRS 2060 TS i B A I /A o T | R N T S o R S I i € e
BRI RN LTEREARYIFEF6 5 TANE &, F2ERKXANTERETA
(U0 OpenAl ) GPT ZR %1 Fl DeepSeek ) $2&f4t T FF jik i) N FH 2 17 g £2 4% O F1 - & F
a, WAL ILIRITREMRE A O 0y KR & il > PR T, AT 3 £ A 28 3 A
TIGEVAE PRI AE . LA DeepSeek AR AT BL 55 iz 55 <0 55 1 Q18 o FH Sl 9], 4% T
DI, Jo A N e N Y 4 B 22 M 2 28 fili 22 58 AR b B 55 BP0 DeepSeek 5 51 KA B
85 £ CATEE R T “FHREMB” KT DeepSeek FAE Y 58 ) KR B 7 T
MIAZERE Sy, RESCHE & & M A AN R s AR R E (L8 H 4,
2025), JFRE R M, TZAREUE T 5 AR AR OGN K Bk 4% gt Bk I i A 4 A
( Campion et al. , 2024) , X AALAT PAZ A LA J7 0 R 45 PRER (AL & f , 848 &
TN T R R A BRAT ORI 0 0 AR L ROk, S A R R A
P75 A v B RS HEME AT, R < TR TN — A B DR i —Se A i P 3 48 L R
g5, A RBCA B TSI A A B TR SN LA K N A SR R R TR
PR, A T BEUR A B B

WAk, B — AN TR BB HOR B IT A Al 1 22 07 U e QR A A= 2, i ATl
AR BORTF R FH AR Z B BSOS ER, B T A 0 T
AEJ1IEACHLE . 7F Koenig 4 (2023) RIMEF T, AR A& . AL MAKILE &
VB, B TN GOl B BUONRS HE 2, BRI &, BORIT & H R et A R
HHAER (40 BERT BE8Y) | 43 1 R 3R I 0000 e 1 N 9 L . 4 g Al
fRFAE (KSAOs) ; 2N Iy s Bl A Sk & K 09 N T4, 1E A8l 25 B
b, AR ER SE 3 S5 B i 48 WA R v SRR Ay R HE A i AR e 1 A R e A5
BB BOHEB AL A I M RE . BESE B, TEFRSE T 11000 2 44 5K WE LU N £ 07 I E
PeAe A5, VR EE 7 I BEAY AT LUAR 4 b 5 BN 0% 45, %o 1A 3 90 A A1 i 1% 3
BB, HEAh, HRIEF AL FRE R SR AR | R R AR W ] LA B 5 AR
MK FENA PR BN 7 1, Campion 55 (2024) 5 H % FEZEET IS d
B, BT HIENDS 20 TAERTT . at, X8, HirBRR e il Ee,
H AR TE 5 A FRE AR 50 56 [ 25 A H SR A i R A R, PRI, A RIE
T AL FREOR BR A A AR B T ARSI R, i3 HE A BUE (S S e
PE T N A AR BN RO .

(Z) ANZEEZEEREFA
1. AFAlLA . AESALFRERGEEIEE
Br—AC N TR e ARE S ARIEF A AR, GELL ARG T 32 vl B 1)

JraAHE T E , TR RCE N A AR B3 R A, DB s AR N T B AR B E AT
B B S RN 4K (Perceived Agency) R £ 3K i BB — A0 N T8 BE+2

.30 -
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ARXFAERAFAE B2, B ARG T A g N T R B4R, DA T
BRSO B A B AR A bR, DL K R R U] 5
NEXSHEAE (Gray et al., 2007) o Fr— AN TR BEEOR BEAR I 45 2 80 ok,
IR AT AT AT, BB M E VS, 78 EPER A i 25E Jr O E 90y
Fe HA F AR 8 2 F R ( Vanneste & Puranam, 2024) .

TR T A T A e R AR AR R s N 28— RN TR RE AR MEIE, — &
B NN N TR BE R AR B RE 18, A B &A% o #r— AN T8 R+ AE i K
i R o A 4 e O R IR T AT S5 R BB D, AT S5 RO RB O R T R P AN T
B BB A P S ) ASCR AN RUE RN (Jiang et al. , 2023) . M AZIH A
THEBEEARA R BRI AT S50, SiE— DR © M EE, R AKX A
TR BERNALRYIRAT, IR A5 AT i A K 5 A8 ) o B ol % 0 AR 5 ik
GNRE—FEAT XS, FER M E R R HLO A R A R S A AR
BN R A BT RSk, AR N RITAALES . X
WAARZEE I, AR — 2P IR R e iR 44 7 B0 T H A ZEAAFAE  (Ossadnik
etal., 2023) . YMATE GHINALRR BB m o — 10N TR R R R S B, 2380
Pt 2k, Al —Fp 20T APR B sh RS, X R AR insm T AR A T
REH AR R[5 AT ANV 25 2 ( Duttaet al. |, 2023) . {5 AT /2 3K 35 & 1 Rk Be 19 DG g P 25
WA N TR BE 4 R GAE R, 2 8382 @B MR (Mahmud et al. , 2024)
Zhang 5% (2023) LM R, ANFEXT N TR RN A M5 A & T X5 A 2RBA &
AR, JCHEET HEET I,

2. HRMA: AIHFRHEARAL TALERAT FERLEF

B — AN TR BE B AR BE & H 15 R T A B B E R, N s — B A ik
F R E A PEA AR, R NG T R, 1E BRI W R B 3 i BR
AR AN TR EBEAR G ARLEWREHE R (Liu & Yin, 2024), B
5T KA AE I HE 38 (Social Sharing of Emotion Theory) FLAH &, B Al
DR HLAF NS5 B — AN T e B AR XA R AN G2, 2B, AES D
RS A N Z 05K, 0T DURS B B T | A& SRR AR R R A
# (Rimé, 2009) . MME5H — QN TR e H AR MY B 3h 32 2258 1 18 B fik & HL ] Fn
5 SR T B R 58 WU A B AR Ak I R e AL 2R AR TR [ S AU A A 22 L Bh
Ty fiph A A A BRI TR, T I R S BIL AR O T AN PR An ey S8 5 B e SR 4 2E )
e AR

PG R AL T, AT WRMLES N REE R AT . B E S, wEWl, U
LA S £ A8 A5 A2 B Sl AR BRARAE 1B (Endacott, 2024) ., @i AT WK
PLES B A Iy S DR, P BE AR 56 — i R 40000 3 25 Rk, 0 G2 e IO a8 1 R
SRAAT RN R, BRSZ BT BEWN K ML &8 ARG IE 18 S, X b E ol mT LA R 1%
JCE R O il & B 115 4% (Pentina et al. |, 2023) , M4, ATBIRHLEE A
REHR AL TCPE A M 0T A S R, X Rh B Sl ik B P B ol B A R A A R T BL
Hil 771, Endacott (2024) #FFX&IM, H il A& X AL MR HLES A A S0 F1 2

.31
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AE, AT DL T A T 2 S AR A R, O b an R IR 5 4 B T
TR FHP AT DLE o B O R AL S AN IE 4, ARG A O Y SE i A
AR, XA OO L T R B B, SR HE SR T AT N TR BB Y R R
AR R, HE XN TEBEAUR TAM, e E s 2 N8 e
E BT S B Rk M AT A, R E S~ PR A R AL
REM “BlEE”, MR TP 5 AN TR RS RAs ; 5 —Jrmb w1
P XA N TR RS K, E—EBE R THP 5 A TEEZEW
HEREE . B — AN TR REHORTE 45 T T BN R [ A4 30 1Y [) 1of 3 e % e > A 1
FEgl, IXONEBESR 1AM H 8 5y P VR RN AT FE M, b g — B8 T A Ak
B TE AN HIAT oA (Saif et al. , 2024) , $2TF T AP HREE

(=) NMEEM A SR

BB AT R KR A K 3 AR S A i A

B — RN TR BEH R 932 HIRE M R MR INTE S DL R AN TE S BIL, A > 1A FR
ez 2 IR A ANGis, N 1o IR A BRI #E 38 (HR Attribution Theory) AR, AR
XF NI IR AE B B A H PR 2 e 1 KA BEANAT A (Nishii & Wright, 2008), 437
— RN TR BB HAR Bz T2 3 A 77 B U545 B, SRR N T8 B8 AR 1 H 1Y i
BEAIEE, P T HJE S S HLAAT S RO, G A AR BT — AN TR RE HOR Y
FHIER Ry 2SR AT B i, s s ANTEShAL, AN Sh AL 25 3 — 204 3 O
58 AR AR R AE 555 T 25 AR 07 — AR T B8 H AR 9 i A A1 Ay 280 5 B
HA AR TSR HE A SRR S B I, 2 O A AR N TE S HLER B F2 5K 3, A Bl
T 15 R FE® (Edwards et al. |, 2024)

TE A A R b, (2 AR ARSI R . BRAR B AR SE B OC T, R
iRl ss . BIET RIS (Higgins, 1997), EICIRAET, B T m T REUE 3%
AL RERFORME AT A TR B ROCTEZ A DU SR ML, RN X R
5% AU AN XU PR (Higgins, 1998), FEMRET, R T HEAX PN RE
% (R4), HFEAMBE, A T2 2 it 2088 — 0N T8 fe
HOR M B I R Ry e F 2 2 Al 2, AR 2 AR IE, i 5 Bk 3 iy i T
o EA AR 7 ) TR BRI, R BB A o AR A, Bl R
AT B RAENEER, #2047 BT T MASI (Peietal. , 2024) . AT
BRE Rl Ak A B, FE TSR B | PR RS R AR )2
GmEaN, OB N TR BEAY S0t I PR AT 55 B v i 2 WL BEoK TR XS N RE 1 19 %
FE o BXFPE > TR, AR R TR T Al ek iR CORAEm A
AR Y IR A S R W R S, AR TR IR T AR, HE P eE T TAER M
(Qin et al. , 2023), FEAlExf TARLL “mim " B9 5L, o O T I int
(At A2 & SCMART 5545 B, A I 0 28 7 25 [l ske AT o o 0 N 88 R i 2 43k 199 70 T 52 15
REAE R —Fh “ bR T H, AR08 5 T s s, KR A T4 i
OB R E B AL S, D APRCR ERY 2, #F— LR AR 2] 3l

.32.
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ML, $RETAESRL (Peiet al., 2024),

2. NFmALA . AIFRERMIMREZFF AKX ERA

— 7, BN TR AR R R B AR HE AR AR HRE R R i 2 s R B R Ak e
&, T — PSR B AT O A, TSR (2024) R KB, #H—
RN TR REE RN R 7 50 TR (v B A IR ALRE R, B O3 TR e T 58 sUA BT
VB HLH AR T F s R A M 55 B9 M5 O, o A 6058 B A IR AR B R i 52 T F 8hi8
SRR & R o AR = BT 282 50 20 SCAE PUAT 5 0 3 P AH DG AR 45 B, N T3 R
W RO TR R B AR 4, REXE SR B T RO R PR B Rk nE R, dE— R aE B
T.HBIH 4T N (Yin et al. , 2024) , Voigt il Strauss (2024) it &K, G EXF H
O AR TAE A 75 B B AAR S v i, N T3 A AR BB 448 5 A4 10 R Ok TAF A 3k
R, IEE— PR I R S M AT

F—Jrm, H—RAN TR ARE Y THNAL SRS (EARESE, 2023), &
TP TAE, =7 7TERR TSR, AN TR BeH AT B & £ A8 o T35 4 i
A ), HELETESZROOE LS, S8l Tl miREd s
BT EAR, BA N AR IR A, e kIR R, T
TAMK B I R BB e S (Jia et al. , 2024) , Perez %5 (2024) @il WFoE kM,
MR E AR N TR BER AR LA ML 2, AT 23 SR B 36 o 98 1 %) 3R s O 8 o 5
SRAG BRI Z MERN TERE AN, A T8 e BOR 248 S 2o br i fb 1 297
5%, MR EAERE € F T B E RN EMRS, o, FIH A T8 aeH
B2 Wi, A8 42 = ff D 2 2% 28 1) R ) 1% %%, Scarbrough 5§ (2024) WFRX & #H,
SBE AR, N TR REE AR AT LI R Lol N 5L H % TAEf A, BT
A MR GE ST, DA “DeepSeek+ B 55 A 3" ], BRI AR H X B 45 IR 45 A4
P BRI 4 TAE N R E A T 3T Deepseek JF RN TR BEI S R 50., AL B
BR TR A, ASOK B IEER R 95% , %0 146856 90% , 451%
FEHIAE 5% VAN, B i H RS2 BP0 f — B A i, — 2P i 7 AR B )
M5 RIEAZ 59 (FHE X, 2025),

M, fi—RKAIEERAG AL AN S FEEERBE K

(—) BESEERE

1. BFERE: RIS 5T 4E )2 & B AL

B, N — AN TR BEBOA I H B B T e 52 ) B0 2 ok BAT O L, ol
A AR AR T sUE IR W N TR RE AR A 21k, Py sl B3l o A 1 5]
Fofv i g DL T BE BTk 2 > I siAk, A, D SR AT RE B i 25 A SR AR I S 2k
FEOT RS X 2w W (Kelan, 2024) , MeAh, Hods e o 2 b nl BEAA7E W 22,
TEARHS AL PR 1Y RO e 3 0 & O Rdle, Wi Z2ms 1T eii e F 5 8, SRR

.33
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AT RS PRIE O0  TREE 2 S R B i 5 e P DA K« TRAR T AR, BRI
N2 TE A Wk & IRIME  ( Bubeck et al. , 2023) . AN T&BERFE I LW L2 AF]
wAHCHE , WBHERFR . AR EL W AN ARG, Bt B Y [ 5 fk
= Z A0k TR B R b Z 2 AR e A s e, DT TS 4 T 5 A ()
BEIRA RS oK, A HE—E MBI (Dwivedi et al. |, 2023) . s bp B 7
2 7 AR i i 0 S O BRI A BT BB R A L, TR B A 2 AR B AT RE S TIOR
I P DL (Kelan, 2024) , Ghasemaghaei F1 Kordzadeh (2024) @i 122 MG H S
H5WSEm AW, BEAAN VS SBEMERE, B, TER SR A T ERES
(EATTE R g eX 73T PNG= 1 .

5, B AR LR RE B MO T~ IR B I A 1l %) B s g A, T 3 S A AT
T e To e iB W1, A A 2 A2 Ly 55 4F 0 8 B W B 4k . Islam F1 Greenwood
(2024) fEY% “B¥/~3L”  (Digital Commons) #iHT “#/AH”  ( Hypercommons)
MUME& . A ML SRIECE MR e R R AR AR R A R, RN TR RE LR
AU R T 5, 3 S R o 1 I I B Ak S A L R 2RI A
FZWNE, B — N TR BRH R 09 A2 iU RE T R 2 7 A, TR S 7E TR
R H A G bR F, SEEE R AT AR, BAM” A
RO RN, OB 2 JoBR A H T LI I Y 3 K AR B g o AU K
B — AN R BEH R BB b i IO o 1) {7 8 R AT 2 ) R AR B, X RO KA A
B A EEORFA T E AR RA MG, R “BAoM” @tk
PR il b, (kS Y AR A A Bl A B B R o w R s AR R — AR
N T REHAR M TF A A Grad B b, Hlcis 09 52 ORI R 0 o B0 15 30 800l 4= 7= %
(0 WY e 2 AN B RS . X R AN AL AR AT O 2 B0 AT 8 — Rl bl 1 b Ak 1Y
BRI, A ILIEERE 5, RIS A WD BN A B U T AR, A A TR
BN GAL  XFE—R, AR TTHRAE R R RS 1 4k 1t b R RE XE LB R AR
B, BORIAL T RE 23 I 55 S K 1 8 18 TE AT R, W oy T B 3 ) BE IR Y TR AR
AN .

2. BANKE., RBRAAZILE Gk E

B — RN TR REHARAE A I T B2 P2 T RE R W45 T H, DA
FIRAZAUBEANFIE TR SE ), AMARTEM A — RN TR RER R M v, HZUAT L)
WIS A B8 50 030 O WA K o 5 S 0 BRAR S FNAT A G i Bl . — i,
AMATEE: 58 A A NG B R A, U R TEH 2 3 T AL s RIS g v
el S G N U R S A S i< A Lo G v TN = O e o = N S R ' e
(Walkowiak, 2024) . 53— J5 T, $Hs 0O7FGidt 70 1% S A 78 Bl 28 % ot S0t 88 19 XURS:
AIRE A TR Z B R . Figueroa-Armijos 45 (2023) fEffFFEH KB, =
WP FR I 5 2 DR IR A Ry — R R AL BR AL T-Be . X807 ik 2l Z M4
ARTF-BO SRR B9 NBHE SEAT IR BE e M, Bl an, FIH A AR TE 5 Ak AR i 32
B SCAR NS, VAR IR /Y B2 BT i 515 5 RIA R J1; 18 R 43 A H R AL 46 1
FR AR UM 5 BT 0 A 45 T B, FIWORIBUE IR 20k S AR O EBhE & 2>
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BreAR, W B S B TR SR IS S BR AS SR ), YRk
P2 B AR W ok i, RO S Bk 1 i WA St TSR oAb (Shah et al. |, 2024)
Walkowiak (2024) #hFuil, /45 1R 5155 AT B0 48 Bt F2 vp (%) i AT BE 23 X RS A
fat FREAR B3 e 55 1 AR AR 2 1 3%

(Z) MEBAMEITARK

1. #FH—RALHFERE A B T T 690550

B — RN TR REH ARG I T 5 TR M5, Jo IR ESE M55 1 ( Discontinuity
Vulnerability) At 215 MG 551 , 3 W0 G 55 1 20 SR T 53 T 78 T AR 2R 85% v i i
(AN T )2 TR B4 RURS: RIS 2 4 J, 3% M e 5 M 2 BRI e 3 — AN T e B AR w5
NG, WA TAE Lk A T s A8k, AR oA e BROML & Jré i T A B 55 Jek
ZEIRHEYE (Weibel & Van der Werff, 2023) ., #—fCA TE R REA “ I
IR BREYE, BREE R 09 T BE R A& 0T BE 2 Bl I A HE RS I AR AL, SRRl TR
o TAERCR N TR RE T, v A8 & 3 i i A8 R B B THATAE S5 0 T 5, X b
TIBE AR £k T 25001 THE LUE B A e g 28, il 17 At AT % SR o T AR 88 AR AR
AT EME, TRk, NTEEH ARz HE 5 T B R E A7 B &2 W
FIVE, SHABATRERL B 3T B (Perez et al. |, 2024) . KK TAF H 345 Hi %
MR A A PR TE T N TR BEHE AR B, AT RE IR B A SRR T 5, AT 3 35048 R A 1 A7
M. Scarbrough % (2024) WA, NTEREARSSH LN FHERR LT
WOk B EA, 51 R —L Nl & A Z 2R, 1A, N TR RE AR N H 451
EAEM “STARA 7, BRI ACH TAERTRE#E N T8 68 . Plas N
AREACHESD (Yin et al. , 2024)

P20 IR 55 M BRI AR AE B — RN TR RE B R IR TR 3 | 2 iy
“BAEA B LA TR, IR & A I BRI A R ((Weibel et al.
2023) , A THEBEHRARMLEAME FHCRMEE, MZM T R THERGR, SEEA
R AR % > A X LAY BB AR 3 I FH A2 2 T V) 8 e vk 1 DIl A e R e
J1, WU OISR B TR iR A R, O A e s R s gk, MR FH A S
R B, MR 2 5 B IR JC By, dE s me FoO g R A TAE R B (3T &%,
2024), LA, FH—ICANTHREH ARSI AL GEMAE AL NI FE SR, B,
BT RES A MBS B R, AR T 5OSE 2 M R, EEL T,
AT RE 23 BT ST 3 Z 8] 0 58 R B ROR BT, DA R AR X 2 8L A7 A1
IN[AE (Meijerink & Bondarouk, 2023)

2. H—RAIFRIE R IR S HERA AFilI Rl 42

— T, RN T BE AN TR AR AR A A A T N T AR B O RN R A T 0 B
FEAL, (R T ANEEAT A AL, N TR RS 0 248 K N T8 58 AH G 0 1R
RE LA A FRAZ O N Rl ER, X AD B AR GE T EENF AT A
s AR T, 0l TR A B & B A& K N T8 AR AR G AR R RE 1 1Y Bt
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T. (Mirbabaie et al. , 2022), #EATEHEHEARNELENTET, ATEEHM
h—FFEA M BB AR E, Wik, WA ANTEES BN R TSI A
A AR 58 Gy HUR AT B AR P o 3Bl 3RO & R AT 0 AR R,
HAATINH A CRRAS B 5 2 W REAC, 25l A A7, O SEASOR) B 9 B3 T4 18 X
H OB BT kR A [ R A i A 01 M SE R R RS B A, T T RE S
SRS E AT Aok 2 A O RO BLRSE ( Cao et al., 2023), f#ldn, . B
W £ 2 s N T4 BE B AR R RS AR 25 2k & Z AL 1Ry, H & Sl
LIRS AT,

F—rm, H— RN TR AR T AR 3 AR AT o 2 %% gy, A
AN, BRI Z 398 (Rational Inattention Theory) AN, AN FIfE
FIEARE, Hik, ASRTEL B B S ARG S B A0 I 2P AL BEAE B A R AR ok
T A P b G T 40 AT 2 405 B (Sims, 2003 ; Sims, 2006) , 7EBEMEH 2
MEZR R AbBAE B AT N SS T, WA 5SS 2 bl 3 A 8 A B 0 RS A AR B
B, AEA RIS IR AZ BR A S B0 R, A v s s E el T E AT £ AT 45 A B
B, AN TR BEHARMZH S G, X2 o 2 T8 585 AR 42 45 10 i A
AR5 B2 BN, TN T AR 4 R T ik B A0 N A7 0 B 4G 40 A 6 50
PEAGEE, A REF E AT Z A S S R A X P EME B (Boyac et al.
2024) , A, AN TR R A BARRRIZ M 55— T 5 SR A E B, A
PG R S8 BRI A RE AR, AR T B AT R A 8% 1 R A A IR Y G B
FE SR TE, Jia 58 (2024) RSB0, RFERE DL T T 6k = 48 04 40048 11 iR
S P 71, RBEFTA RN TR AR A PR, B AT 55 52 24 1 5 A
G H A B T R e T AR R B

(Z) AIEERARRES “BHaE" M&

. AESAIFREROTRRESFERE

AR B — A0 T BE H R (0 32 vk s, N ) TN MR AT
BREH AR B Bk B e S, XA RPN EE T T BN TR REMAT IR B
IR ARR RN, R BRI AR A EE, Hik, XA T8GR f
ZESL A TR, NS R G AT N R RN T R, TS 2 AR W e AR A R
( Vanneste & Puranam, 2024) ., Ffiz5 A T5 8 A9 BN B ARMERI N, AN 75 30 15
WA 230, XA ARG Y A O, RO B R L AN, MR
S NTRREF A POBE &, FRle ey JOa . [FEMAFRESE T, A
AN TS FHEORIUE X TAENL 2 19 2488 B FRAL, T HJE L MRIE (Keppeler,
2024) , Lanz % (2024) M A THEBEPOGALMBIZE LB, B TR T8 GERI LA ME
B 1 R R EL O AR A8 4 . B 8 TR R R = 98 i i B T N T4 B
(18 5 NN 5 P I A, 3 B0 AT A 8 R T3 BB R R A I RR
PETFELD (Wang et al., 2024) , A THREARBEW 2 A TR, MA&7=AEmEl
OSSR P U A S E, T S Bk A T8 e pe 3 T ™ T RS, BN T
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PR R T A, MR TP A HIWr (Jones-Jang & Park, 2023),
Aoki 5 (2024) @i PRSI F R IL, BUR AR HTN T e AL B SR TS A
i LA e T 5 5 AN S PE I e

2. EAAT AN BB

RN TR REE AR M IR 2ok B A", 51E A2 i 1 e 1
L, MR FEH, YHLEE A ST RE A SN ORI T R SR B i R
SRR BN, A2 B 2 AR e, R — Fh s S A 15 IR s R
J& (Mori et al., 2012) , XFELRGF AN “FAHAEN" TIRAAREHET, L
R AE X IR R I ARSI R BRI 4 AT IR WL A TR 1 TR A R
TR SRS A R AR I R, AR IR BN RME Bt AR S MR AL A
HATRAXIERE, B AUl < Ay — D 2RI ahLey, 1k R TR
Horb SRR E IS, XSRS 7T AR A TR IR A AR AE, T
FIHE®W A% (Liv & Yin, 2024), MAh, M P E S5 AN T8 REIEAT IR E A 3o i 5%
(I EANEE L DRSS 2 ), B0 N TR RETE B8 R B AN Y
BT AT, AERMEATE R E N (Pentina et al. , 2023)

T BRI, ABEIE G TR AN T RRH AR X2 S Ay B U A 2
AR B, dniE 2 fro
| s—rATmmsr |

e | | rmam

AlFE—% E

Bitif: HSEMER

NT M4 . KB
ATV IR 2 S M W 2% . LT
TR 2 S SR I BAR N T8 fig
E T NNE " S SP/ST= [ SHIUPN
TR ek Rk RE
257 | Doc2Vee SCRY R
ChatGPT, ZEMEATHRE. B
SRIBSALEE (NLP) HR . BT
KEEARVIZRA N T RERA

AP A 1721

EipfA: HEEREEER
brigagiyny

AFHEANFFREEREE

it HRIFEEE

AR AR AT,
E N

RIE B (A E VS
R )

R Bl AR
ik
PR NRERE R
T ARk TAE A A
IR

B PRSI
T

e fibl. SHEH
JEEH . FRAAMRIE

MEEBEBAITA

Bt ARFER

Bt FTERER

ARAN—% £

T AT HORBIE S BT
AR Bing . TR 2T Y
HEABLSE (VR) HR . A3
Bard, ZET FUARE A FEOAR
MBI AL A TS
AT RIRFR G . ST IREE
STHNZE L IR R GG

AR ARSI B
NG|

PE AR 1T RN

AR ATE M
5t

Bt BREAZER

AR FE PR
SMILRIIGE

XAVEAL . RIAT
I, NAESHHL,
SNEBHAL . kR
RALAT R A RSE
M, T, E
SEAT R Bk
T (it &) |
WOk fE T &

Bitiif: OERMEL

NMEFERAFITA

AR AT TR

Bt HSNFERIEE

ARE—&T

ESHA: AIKEER

AR MESEEA
TR he/k
P AER . SR ETE

EEi gl e

B S L[N YN RV NS
s HLaE

A AR R HUAR IR
AL BRZ [ HLL

Eitiifa: AESHER

AT ALEHY R

i IRAE S . TA 67
H, &, ILH AL
1720 . STARA il
PN S NS X ]
A QAN TR
BE(RME ).
O AR R T
Y]

2 H—RAIEREARNLEANFREERSE R FmMALE

TR R, AEE B
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H, ARERMESHRRE

(—) SiTiERMZ

AR 45 B 22 AN 0 U4 BRAH C A B B — RN TR e EE R a9, BRTA
Ny VR A B B — A0 TR BE AR M52 i F 5% o Ak TR 2D B BE . AR SC3E T
X B BT AR A o AR B, B — AR T Re e R 25 8 2 A ) B 54 B A SR AL 1Y
[ Btk ok TRk . B e RE AR T m, Hr— RN TR e A o B & 58k
T B 3 HE TR A SN ) 0 VA TG D SR AR, L AR A R RIS A T BT Ok i L
RACBRAL S TR T m M 45 XU, PR AR S e E M2 )= A vpog . Hk 2
AWML E T, Hr— RN TR e AR WAL B4 FH P AE, HHZE A B FE
fEVTRefil k. “ 2RO SRR DO, B B B 54T A, B RS ARG R
SRS RIES R R RSO ACRIE T 5, B — AR T R AR i
B HLE 548 55 LA R B FH AR G, (LS T ACAT BE IR sA 0 i 4 BRI B 4 By
S.OEAFNE, TP R eE 5 M5 i W E R, 28 b, Hr— AN TR AREL
Fe A J7 B2 R A Bas F R ) =X sk ang 1 s,

1 FRAISHERAEARANKEGEEAFN=HHKA
® A B 7
ATH Ak FHRBH (FB) RAKABIIE, RHERL, BAE
U5 AR B AR (HUBK) 7T A 35 3 K AR A0 AT b 5 Ak ik
AR R E AR AIREBARZERAGHE (MiB), 12 “BHESHE" & EERE

A AL 5 1A

B FAL (PER) FRE BRI B 5AT A KA
MRGARITE I ATKFRBEEMMALR F T I (MB), 2ikde i 2R L F 5K
1 A ) M (BeR) 58O B AR B K R L B BE

FH R, AEEBH

FRFPIEATER AR DK AL 5 5 AL EEAE A HAE R R b iy 3 28 A
e N TR FE PGS | FBSE I | DR BN M OCHS, ARG T
3T — AN T BEROAR XS 28 4 A ) B U548 B2 0 4 70 T AE 28 ——A-TPE 73 BT HEZE
AT PTHE SR i N TR BEH R (Al Technology) . 145 (Task) . MK (Person) HIf
b ( Environment) IE]/I\ZEEMU&, mE 3 Fﬁﬂ?, ] Sk AR R A R R R S

T

| 4L |
B 3 A-TPE #HEZR
Fr R, MEEBH,

.38 -
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(Z) REHRFAME

BT X =X JE K ST, AR SCGEH A-TPE /e MrfEZE &1 X H AR K AE 5 B di
WP s, Fraha “ N TR BREOR AN 1557 HEZLK Ak H R K BE 75 DL 1T
WEL R EEXF APLE AR 3R 5 MR S 7 G, #4856 “ A TR AR -1
TR-H LR HESR K AR AHLAS B B SR AR 5 AN AR SRS 5 e 55 vk
IR g KTy, #aia N TR BEHOR AR AT 557 HE SR M)A BT T G TE
Wasg gy, &5, RSO BIRE = A HELR M AC B OC R 3 H AR I 19,

I ATHRBAR-ARAREAESE R, MEA TR BB IS I 12

RGBT — RN LR BB RTE R 55 & 251k 5 AR5 AL B | 3 it 25 S0 1Y
AR HE, DL SR T B 100 5B O Ih R B B A, (B AR I A R
FE R AL T & T B i D | B B AN B AT I i AR A A B ) R, JE R A
T REHOR B D RE 4 5 2 3 N Ty B A BN A P 1 R AS B ) SR A e
BB LRI N TR RE HORAE N ) B8 548 BT 554 ] vb 9 e 58 3 R A 1) 93 L
Wil AR FF O E B, SR, H AT AT X X — U S B A A R O AR, A AT
FEAE PR BRI R 5 0 RO AR D, B A M ZH LR BT 54T 55 08 M 9 AL AR &R
Gt N TR BB B AR A LA S R IEE g, T2, r—RATH
REHARAE A S ATy SR8 B b g B FH IR AR Jo b, HOaE I 1 5 45 6 AT 55 R A in LA
XAy, B, %A% REKFmREEES, ATLCR “ AXFE S+ AN TR aeh
B A, FESRE R IR AN TERIF AR H &, DL AT ik
HIRE; X TP m 8B e 55, nl e N LA 2R A sh A i i, H i A S
USRS, LOFERCR S KK,

NI T XITYE  (Organizational Ambidexterity) ZE>R HAEREME (angEd
AR BRI HAREE (HEARENE . BORIETE) ZE S, R E
PERL A 2, SRR T) ek ) A 2 ROk B TR BE R R AR A S ) B R AR
s R S, BN, SRR A R A Sy, s IR SRR AT AP IR . AR
PERLAR S, T N TR BEH R B PR kAR, A AR 1T) AT LUE o 2 25 WA B0k, 1E
FiE I A AN IR E B s b Rl IRV &, Ar AT BRI E
FINIR R BT INAE, [R) I S2 R M D0 A8 BHXURS: o AR R T LA 2 RS g A R 28 e 1 ) 2%
AT R B, IR BT e R AR M R A AR SR, — Ty T
il BE AL 29 SRR DR N TR RE N T AR BRI 25 53 — 7 e ok 50y 2853 7 P 00 D) g 7 452 AR
PORERT R, INMFToE “FAR vs B W Joxfr, B, ERFESEE, 0
Bk, B A B AR EL AR AR R M TR RIS 0 2R R
M, SR N TR BEE AR A 3 BEIRAT: 55 W A B X 28 3 A ) W8 578 B Y 52
W, 55 =, TIRARDIAILER TR 32 “ROTR” A BE BN, R REAS 8 AL 4t
EHHEAE, VHSANTHBRERFNAS ML, @I AR NEEEaed,
PR TR BEH ARAE A I N 7 G545 20 o 9% 1oy Y B 325 BOR I Je it SR MUAF G A8 B
S0, A TR REROR | AL UL S5 BRI AL OC R, M AN TR eI
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eI A 7 SRS B A A TS ML ME IR AT
2. AIERBEARK-NMR-BRTRBEWE . TRANRLHIEEDLR

AL R AL A REE A A AR 5 32 B AR HETCIP R BT, 22 1 i s, Jf:
W [F LG RIS PRz B MEERES, G R A P o6 N TR R AR AR
R, SR, N TR RE AR B e AR H R 58 W N B AR A, I P AT R4
PR AR BN TE S, HE TR R B 0 RO 5 ACHRIAT A A R R R AL O
FIG: H—, WX AT “ TAEW” 5 “F0E" 3R 25 i 5805
1EWs, N EN AVEE X R SEEm, X, o ARG Ak
BT AN PR B 3 SR AE AT AL, H R I 2R AR AR T B Ak e 2
WAF RO o AR, X SRR i R 5800 % A S B e X — i R b iR . ARk A
FET LA B H ARG, R N TR REHOR | MRS 2 SUER B3 4 B W] 4 4] =98 AL
LHMGFEAEBA, B, AN TR MR (Organizational Al Readiness) , £
FENTIGEVE LRy, SRR FEEE, BESXAER STARA B (XA TE R AR
BACTAR R ) AR N T RE R R AR BE ™ AE B2 (Yin et al. , 2024) , 4]
LU 2B R IR AU, AT LA B 51 T3 N T RE R 1Y B AS T fiE R
M5, Wb B R AN B Pl ok B9 B P, 2 A R0 ) 4 S 3 R e A
O, EANTREES R TZEFEY i i, af DU B G 738 W8 8RR 1)
AL, R RN TR R 5 A LU EW AR — 3 (Dutta et al. , 2023), M4,
Tt HE B VE R R A 2] SCAk i B, A ZUAT DA B O T TN R BB R X AR
P SEBRAT A, DN H R R 4532 i

Child #1 Mollering (2003) fx FHEH T FhEIE (Active Trust) MIHES, 5814
TEAEAALR G TXF 0 — PP g Sy, o 2 20 U ok AR AT 30 3 3l A i A4 47
MR, Gustafsson % (2021) #F— R, EHLUEIGERR, FFEEE LT
B3 I — FR A AW ke O 6F D1 T B A 1 RN e 55 1k, TR B S AR OC R . Weibel
45 (2023) EHA EEEEHEEIER F, dE— 5 XA T 2RI (Symbolic
Strategies) FISZFiPER M ( Substantive Strategies) , % 1EPE 9 B 35 B 1 34 38 145
S TR AL EEER, R TR MR, HAR O T E#AT
—PRIAE A, S B 5L TR R O He s A AU AR Ak i S BT P SR G o B A
WA shATR BT, B ST R TAR RS A AR B, R U 5t Ty &
AR . ARRIFFE AT DL T E 545 (Active Trust Management) A1 £,
PRV 20 ZUI0 o] 3o o FRO A S B B L R BN T B T e A (RN R R T R
AHLIMERLEI, A 8% i 5L X N TR BB AR B 2V AN AF AT, 3 0 O R 1y
R, TE B AL B AFEED R

3. ALEBBAR-M-ES T, ATHRMINGHEDRERBEE Y

N A RE BN BB 1 B9 U1 8%, it 51 s/ By A0 B DA AR BE 22 ST AT
(Peietal., 2024) . SR, AT REFAR BN FSCRAEA [RIREAR b 2 8018 3% 2% 5%
TR e L TR 55 52 ek 18 I wfe LAGE 2 N T8 e, RBRCR TR, EEATLHE
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REFZRERY L T AT BB “ N TR RE S 007 WO K ™ A 0 BRACR) G, £ 22 3 3 J5k B
o M AR I BCRA A ( Cao et al., 2023) . BlA B 5% 32 %56 7 H & A )0 B4
fiE . IKNFNRE T . FResK P FHAAL 2 2y 51 T AE X N T8 Be A AR I Jir 52 3 1Y) 25 5
RS, Bian, 5y 5 TR N TR R 5 TS, o — 28 51 T )RR SZ B B R 1 A
HUAT, SR, XA 2 T N TR BB AT 55 DAL T RE 5 D T R B R DL
BCAR LM RGEPERDT . 5L B, N TR BEEARX A NG RURACR 1 w24 8], R
KEREE FHOR TAE SRR 5 AR R IE A DL RC AR B, X deie it T s, AN T#ie
BORRM T A TAE A, (L TOE S ML RmE, A
TR RE B IR T A 3 M SR RE O . AR, X TREERE O T, N LR REK
TR BB TAE, WRES] & H AR B AR 2 AR B

N TR RRHEARR I AGE 1 52 44 55 A Zh ik 5 HES AWLER R, IEAE R L 5
AN WA B AL S A, X R FIRIEX N TR, 2 e AL 55
SIBCALEN I S R G . R R AL Y U AR = N TR R YA 5 A L 32 2K
WAEAE S A S R G E R, BARMHMESR “Zelfk”, NTEREEE T
AT HUBACAT 55, 38 M A 408 o 98 8 5 5 s R BT A B M {6 (Faulconbridge et al. |
2023) , fRHCRE R T AT LU N TR ey A s fkie 1, R G AR B E TAERE 1k &
WrAE IR 55 o an, ABATAT DURE T 0 % i AL 2 BUE 55, R TN £ 51
ZHIT, FIr RN I AR AE R, X AR R A FRIA [R] 2 T
PRSI, R SCHN T R MA R IR RE . HUOR SRS “@ &k, A%
M A G BE A T T N PR AN 1 VR S L AT 55, Bl G LR B VA TR
I %of A LA e P R N B AT SRR R % (Gardner & Martinko, 1996) . AZEAY 5
R AEAEAEMEREE R R A FOA M S AR, X S R Y Fi g A L
BB AR AT IR XE A AL FISZEE (Zeng et al. |, 2024) , KRRWFFR AT 5 T AE
( Boundary Work) R, #E— B80T % 5 R A VL C B X AN T e 8 R EF T
MAGRLBCRRFE . B, R 55 AR ER AR FE | AR B RE AT B0 A R 22
5, K N TR BEN AL S, DICSEEUXT 51 TME g5t g2 vh, M4 7+ A T 6
XFAR M RERICR .

R 2
A\%%

BB — AU TR REE AR Mk, ANZRRE T 5 HOR A 25 5 #5417 ok 3 H R % )
2 N SRR DR D7 38 o AR SO SE AR B TR — AN TR RE AR 0 S A P TR
fit, LW, B RO B T S AT G R E R, R TR — AU TR BEBOAR X
NN GHEE BB S, WE T A TR A . ME 5 M4 LR
S5 U AT TR RS R 28 e N R RS SRR I Y A-TPE S M HEZR , IR T
TERRR IR KRB TT 1, A SCAACA B FHEsh B — AU TR BEH AR ILA
TG IRAE PR B B W S HE AR, WA B THESh T — AN TR B AR A LA T
BEURAE PR S BN H

4 -
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JEARSCIR &l 2 B — A TR R AR S A IEA N TR E MBI LR,
EANFFAELL T MR, ARSI S — P og %, B, SSiERmBm M AR, ACE
LT A B SRR B EE AT 0 AT HE A A, {FL i OR £ o DR R A S R 8k
AR AT — P 2 SIS | TR A A A S B ik ok 6 Ik o BT AE S A 3l
U, 32 SCHRAG Z I 18] -5 ¥ L 5 BRI, AR SO0 5 R Bl 25 18 0E 19 38 B A7 A T ) 1k
AR 3 BOMR 2> BT 3 5 IR AN S T 0y, Bedn, ARSCERAE TSRS
W, AHOR TR AR AN [R] S 7Y 2 JEJ 1T A9 55 S5 P 3 5 AR W FH B9S2 0, R o ml 3 A
[F] 28 (g 0 JLFR 1T i AL R A 3 A-TPE 23 A AE 42 b 1 38 B %A%
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@®SYSPOSIUM ; Artificial Intelligence

Introduction; Public Administration in the Era of Generative Artificial Intelligence =~ +++--+--- Jiannan Wu

Street-level Bureaucrats in the Age of Artificial Intelligence; A Literature Review
........................................................................... Hui Huang, Taiping Ma & Jiannan Wu
Abstract The rapid development of artificial intelligence has profoundly changed street-level bureaucrats
who are critical in policy implementation and policymaking. How the artificial intelligence impacts the
street-level bureaucrats has triggered substantial scholarly attention, however a systematic review is scant.
This study employs a systematic literature review methodology, utilizing the “ Discretionary Power—
Conditions of Work—Patterns of Practice” framework to systematically examine and analyze relevant
literature published in prestigious domestic and international journals from 2010 to 2024, thereby revealing
the theoretical progress of street-level bureaucracy research in the Al era. First, we find that three key
perspectives on how artificial intelligence impact the discretion power, including the curtailment,
empowerment and obscurement. Second, we identity four types of situations which the working conditions
are significantly impacted by artificial intelligence. Third, we discussed the changing working patterns of
street-level bureaucrats, with respect to service-level rationing, algorithmic bias rationing and customer
compliance. Building on this, we propose three promising research topics for future research. This study
advances our understanding of the street-level bureaucracy in the era of artificial intelligence, and has
policy implications on street-level goverance.
Key Words Artificial Intelligence; Street-Level Bureaucrats; Grassroots Governance; Discretionary

Power; Literature Review

New Generation Artificial Intelligence Technology and Public Human Resource Management; An
Interdisciplinary Integrative Framework —eceeeeereereeeeeeiiiii... Lijun Chen & Shimin Zhang
Abstract The rise of the new generation of artificial intelligence technologies, led by generative artificial
intelligence, and its widespread use have quickly become the focus of academic and practical discussions.
Ongoing progress and discussions surrounding new generation artificial intelligence suggest its potential to
transform the processes, functions, and activities of public human resource management. This paper aims
to illustrate the impact of new generation artificial intelligence technologies on public human resource
management, review the relevant research progress from an interdisciplinary perspective, and provide a
framework and reference for future research. The article analyzes the conceptual implications and
characteristics of new generation artificial intelligence technologies, explores the development opportunities
they bring to public human resource management: enhanced decision-making and precise forecasting,
improved human-machine interaction efficacy, motivation stimulation, and performance enhancement, as
well as the challenges posed by these technologies: biases and ambiguous accountability arising from data
and algorithm risks, alienation of individual perceptions and behaviors, Al technology aversion, and the
“uncanny valley ” effect. The article constructs an A-TPE analysis framework for the impact of
new-generation artificial intelligence technologies on public human resource management outcomes,
consisting of four aspects; technology, individuals, tasks, and organizational environment, and suggests
several promising future research directions.

Key Words New Generation Artificial Intelligence Technology; Public Human Resources Management ;
Opportunities; Challenge
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Between Means and Ends: How Generative Artificial Intelligence Reshapes Paradox of Public Administrative
OTgaNIiZations?  ++e+eeeeereresesssnsmmiiiiitt ittt Leizhen Zang & Duan Zhang
Abstract Generative artificial intelligence ( GAI) is reshaping the operating logic of public administrative
organizations. Technology no longer functions merely as an instrument of execution; by participating in
problem definition and decision generation, it reorders policy goals and their pathways of implementation.
In optimizing means, GAI may simultaneously reshape ends, transforming the means-ends tension within
public administrative organizations from a latent conflict into an institutionalized paradox. Drawing on an
organizational paradox perspective, this study develops a two-dimensional analytical framework—
technological agency and goal alignment—to examine how organizational paradoxes are activated and how
they are amplified or absorbed through feedback loops. Based on a case study, the analysis finds that while
GAI significantly enhances the responsiveness of public governance, temporal misalignments between
authority boundaries and goal systems often generate implementation dilemmas and goal drift. By contrast,
institutional adjustments—such as clarifying authority and responsibility, clustering issues, and adapting
governance practices to contextual conditions—can absorb technological tensions and shift organizational
responses from defensive to receptive strategies, thereby converting paradoxes into sources of learning and
reform momentum. A further typological analysis identifies four ideal types of organizational paradox in
public administration—technology-dominant, goal-suspended, dual-misalignment, and intelligent-
synergistic—and proposes governance pathways centered on systemic coordination, iterative adjustment,
and uncertainty absorption. This study extends the explanatory scope of organizational paradox theory in the
context of generative Al governance, clarifies the role of GAI as a driver of institutional innovation, and
offers new theoretical and practical insights into the transformation of public administration in the era of
generative artificial intelligence.

Key Words Generative Al; Organizational Paradox; Means-ends; Paradox Governance

@ SYSPOSIUM : Emergency Management and Public Safety Governance
Adaptability of Government Emergency Collaboration Networks under Complex Adaptive Systems: Based
on the Social Network Analysis of the “23 - 7” Flash Flood in Beijing
.................................................................. Shuang Zhong, Mofei Chen & Guixian Zheng
Abstract In a risk society, inter-organizational collaboration within government is an effective approach
to addressing complex risk events. However, how does the government’s emergency collaboration network
rapidly form and adapt to situations at different stages of major disasters, and what are its characteristic
features? This study constructs a “process-structure” adaptability analysis framework based on complex
adaptive systems theory, using the response to the heavy rainstorm in Beijing in July 2023 as a case study.
It applies social network analysis methods to identify the adaptability characteristics of the government’s
emergency collaboration network at three stages: pre-event, during the event, and post-event, from the
dimensions of organization and task. The findings reveal that; (1) Emergency plans serve as the
foundation for actual government collaboration networks, with the core organizations and key tasks in the
plan occupying central positions in the actual networks; (2) As the risk situation evolves, the network
form, key organizations, and core tasks of emergency collaboration exhibit an evolution from loose coupling
to center-periphery to loose division of labor; (3) Real organizational and task demands are incorporated
into the updated plan network after the disaster through crisis learning. Additionally, based on the case,
the study further summarizes the triple adaptability logic of the emergency collaboration network: first,
adaptability based on the original plan; second, adaptability based on dynamic risk situations; and third,
adaptability based on crisis learning, with the adaptability at different stages being interconnected. This
study identifies the adaptability characteristics and logic of the government’s emergency collaboration
network based on the Beijing flood case, providing a policy basis for enhancing the government’s adaptive
capacity to respond to disasters throughout the entire process.
Key Words Complex Adaptive Systems; Emergency Cooperation Network ; Adaptability; Social Network
Analysis
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Why Does Emergency Response to Emergent Events Fail ; Grounded Analysis and Case Explanation Based
on Accident Investigation Reports ................................................ Chengzhi Yi & Yang Peng
Abstract Emergency response failure is a complex governance issue with multiple causes. Existing
research often holds a hierarchically closed perspective that emphasizes “letting managers manage” which
fails to fully reveal the logical interrelation among different causal conditions. To unpack the underlying
mechanisms of response failure, this paper adopts the grounded theory method to extract causal chains of
emergency response failure, ultimately constructing a comprehensive theoretical explanatory model based
on three-level coding of 54 accident investigation reports. The study finds that information transmission
blockage, failure of the window-triggering mechanism, policy implementation ineffectiveness and
emergency response deviations constitute the four core causal conditions of emergency response failure.
Furthermore, case analysis shows that information transmission serves as a prerequisite for response in
emergency situations. Delayed reporting and behaviors such as concealment, omission disrupt internal
organizational communication mechanism which may provoke a chain reaction. The failure of the window-
triggering mechanism and deviations in emergency handling are key causes of response failure, which are
linked by a transmission effect. Emergency plans, safety management regulations and other contents are
treated as constraints in the response process. If they are executed in a perfunctory manner, the gap
between the trigger mechanism and emergency handling will be deepened, accelerating the deviation
between the action process and the expected results. To address and reduce failures in emergency
response, efforts can be made across the dimensions of * rule-information-decision-response ” by
strengthening institutional development and capacity building, so as to enhance the overall emergency
management capabilities of organizations.

Key Words Emergency Response Failure; Safety Production; Accident Investigation Reports; Grounded
Theory; Case Analysis

How Do the Interaction Between Grid Managers and Residents Strengthen the Co-Production of Urban
Safety Hazard Investigation? An Empirical Study of 456 Towns and Streets in China

Zhaoge Liu, Xiangyang Li & Limin Qiao
Abstract In the government-citizen co-production of urban safety hazard investigation, the construction of
safety grid is playing a crucial role, and its effectiveness cannot be achieved without the continuous and
effective interaction between grid managers and residents. This article takes urban fire safety as an
example, based on monthly panel data from 456 towns and streets in five representative cities in China
from 2021 to 2023, combined with activity theory, to study how grid manager-resident interaction affects
co-production of urban safety hazard investigation from three aspects: social distance, knowledge tools,
and division of labor constraints of two types of subject interaction. The statistical analysis results show
that; (1) In the interaction process between grid managers and residents, the social distance between the
two types of subjects will significantly increase the scale and quality of residents reporting safety hazards;
(2) The effective deployment of knowledge training and digital platforms can enhance the ability of
residents to identify safety hazards and grid managers to handle them, significantly enhancing
co-production; (3) The division of labor among grid managers constrains the opportunities for interaction
between grid managers and residents, reducing the scale of residents reporting safety hazards;
(4) Heterogeneity analysis found that the interaction between grid managers and residents has a more
significant impact on the co-production within small and medium-sized, high-risk towns and streets. The
discussion of empirical results helps to understand the driving mechanism of co-production from the
perspective of grid manager-resident interaction, enriches the theoretical research on urban safety hazard
investigation and co-production, and helps local governments better play the role of diverse subjects such
as citizens in urban safety management, and better implement the overall goal of joint governance, joint
construction, and shared benefits.

Key Words Urban Safety; Hazard Investigation; Co-Production; Grid Manager and Resident
Interaction; Activity Theory
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Demand Driven, Attention Traction, and the Spillover Effects of Government Crisis Learning
........................................................................... Yun Tang, Ying Wang & Yaoyao Hong
Abstract  “When one region experiences an accident, multiple parties learn from it; when one area has
hidden risks, the entire nation takes warning. ” This reflects the spillover effect of crisis learning by the
Chinese government, where non-incident local governments can also conduct effective crisis learning from
major accidents, achieving knowledge spillover from incident to non-incident areas. So, what is the actual
effect of this spillover in government crisis learning? What is its underlying mechanism? By manually
collecting safety production data from 273 prefecture-level cities across China from 2010 to 2022 and
analyzing it through spatial econometric models, the study finds that after major accidents, not only do
incident-area governments engage in crisis learning with direct effects, but non-incident-area governments
also conduct effective crisis learning, demonstrating significant spillover effects. The spillover effect of
crisis learning is driven by safety demands and guided by safety attention allocation. Compared to public
safety demands, government safety demands more effectively drive non-incident-area governments to
undertake crisis learning. Additionally, non-incident-area governments focus more on the “relative value”

¢

of differences in safety attention allocation with higher-level governments rather than the “absolute value”
of such allocation. Greater hierarchical disparities in safety attention allocation further motivate non-
incident-area governments to engage in crisis learning. The intrinsic drive of safety demands ( “I want to
learn” ) and the extrinsic guidance of safety attention allocation ( “T have to learn” ) jointly shape the
spillover effect of government crisis learning. This study reveals and quantifies the spillover effect of crisis
learning within China’s government, providing empirical evidence for understanding cross-organizational
crisis learning.

Key Words Crisis Learning; Spillover Effects; Safety Demands; Safety Attention
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Governance Context and Policy Choice: A Study on the Local Differences in the Path of Government
Purchase of Home-Based Elderly Care Services «+-e-eeeeeeeemeeemiaiiiniinnn... Bing Guan & Xiao Lin
Abstract Local variations in policy types have long been a significant topic in policy research. This study
takes the initial policy context of local governance as the core analytical variable, focusing on the domain of
government procurement of home-based elderly care services. It seeks to explain why different cities adopt
divergent policy types within the same field. Under conditions of limited resources, local governments
implement distinct governance models to balance equity and efficiency in elderly care services, adjusting
policy types in accordance with governance tasks. This process reflects both the constraints and driving
mechanisms behind policy selection and adjustment. The study categorizes the government procurement of
home-based elderly care services into three types:; a social-oriented model led primarily by social
organizations, a market-oriented model dominated by enterprises, and a hybrid model featuring a relatively
equal mix of both. Shanghai, Chongqing, and Guangzhou are selected as representative cases for each of
these three types. The findings indicate that, since the early 2000s, the initial practices and policy
approaches to service procurement in these cities have laid the groundwork for their subsequent
development. These early trajectories have reinforced local characteristics and shaped differentiated paths
in elderly care service provision. In terms of policy implications, the paper underscores the importance of
adopting context-specific models for the delivery of elderly care—and public services more broadly—while
advocating for dynamic policy adjustments to achieve a sustainable balance between equity and efficiency.

Key Words Home-based Care; Government Purchase of Services; Initial Policy; Governance Context

How Does M-Government Usage Improve Government Trust; A Study of Causal Inference and Mechanism
TeSHIE  +++vveeresresmnnneees ettt Wanlei Mao
Abstract Improving government trust in the digital age requires a full understanding of the complex role

of information technology. Whether M-government, as a new development and future trend of
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E-government, can improve government trust still faces dual challenges: reverse causation and insufficient
empirical evidence. Based on the performance theory, this paper proposes that M-government usage can
improve government trust, and empirically tests the causal relationship and influence mechanism. Based
on survey data from the early development stage of M-government, this paper finds that first, there is a
clear bidirectional causality problem between M-government usage and government trust in the theoretical
context and quantitative relationship. But this paper confirms that M-government usage can improve
government trust by the instrumental variable analysis. PSM analysis also shows that high-frequency users
have significantly higher government trust than low-frequency users. Second, the causal effect has a certain
degree of group heterogeneity. High-frequency use has a greater impact on men than on women, and more
on members of the CPC than on other groups; it has a significant impact on non-public officials, but not on
public officials; as educational attainment increases, the effect becomes greater. Finally, the mechanism
analysis based on the model of public sense of gain indicates that the influence of usage intensity on
government trust is not only fully mediated by the three types of service satisfaction, but also the public
sense of gain and the three types of service satisfaction play a chain mediating role. This paper proposes
the “Performance Law” to unify the explanations for causality, group heterogeneity, and influence
mechanisms. That is, technology-driven service performance improvement profoundly affects users’
government trust, and the improvement of public sense of gain is the key mechanism. This paper not only
deepens  the theoretical understanding of the relationship between technology and trust, but also provides
useful and solid empirical evidence for improving government trust in the digital age.

Key Words Government Trust; M-government; Performance Law; Causal Inference; Mechanism

Testing

The Connotation, Formation Mechanism and Governance Strategy Based on Behavior Public Policy of
Health Behavior Failime  c-cececeeeeeerenenreemmmeermnmnenenenenenenenes Ju Sun, Wenjing Han & Haomiao Li
Abstract It is of great practical significance to improve the effectiveness of health intervention in
promoting the construction of healthy China. The key is to take effective measures to bridge the gap of
individual “intention-behavior” , so the study of health behavior failure is extremely necessary. The paper
first sorts out and grasps the basic connotation and current situation of health behavior failure. Secondly,
theoretically analyzes the key influencing factors of health behavior failure, and constructs an integrated
analysis framework of the formation mechanism of individual health behavior failure from the four
dimensions of “rational-emotion-ability-situation”. Then, discusses the logic and advantages of managing
health behavior failure from the perspective of behavioral public policy. Finally, under the framework of
“subject-tool-narrative” three-dimensional governance elements, different governance subjects, governance
tools and narrative methods are dynamically combined according to the differences in governance dimensions
and governance objectives, and a governance strategy of health behavior failure is formed to deal with
different causes. Such as cognitive bias correction strategies, social support guidance strategies, ability core
cultivation strategies, behavioral inertia breaking strategies, etc.

Key Words Health Behavior Failure; Basic Connotation; Formation Mechanism; Behavioral Public

Policy; Governance Strategy
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