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Field Experiments in Research of Public Administration and Public Policy: Causal
Inference and Impact Evaluation

e s Sigi Wang
Abstract As an important method of statistical causal inference experimental methods
have been used more and more in the study of public administration and public policy.
Field experiments as a new development of experimental methods have higher external
validity and broader practical implications than traditional laboratory experiments. They
are widely used in policy and program impact evaluations. After explaining the statistical
principle of experimental methods and comparing various sorts of experiments this paper
analyzes the potential problems of field experiments. Using public policy impact
evaluation as an example the paper discusses the challenges and opportunities of field
experiment methods in China.
Key Words Causal Inference; Field Experiments; Quasi — Experiments; Natural

Experiments; Impact Evaluation

Impact Assessment Based on a Result Chain and Its Experimental Method

et e eeenens Tangzhe Cao
Abstract In a result chain an impact assessment focuses on the relationship between
the intervention and the net effect. The purpose is to separate the net impact from the
total effect and to prove the causal relationship between the intervention and the net
effect. An impact assessment involves almost all the issues of public management
research. In this study experimental methods were used for Ex Ante and Ex Post impact
evaluations. Study resultscan further promote the development of impact assessments
from the perspective of methodology.

Key Words Result Chain; Impact Assessment; Experimental Method

The Potential Outcomes Model in the Causal inference: Origins Logics and Implications
RN | oo Appiy 51
Abstract The Potential Outcomes Model is a revolution in causal inference in statistics
butit also provides a new perspectiveon causal inference. The simple idea of the
potentialoutcomes model focuses on the comparison of different treatments on the sameobject.
The differences between the treatments are the causal effects of one treatment compared

with the other. The two hypotheses of the potentialoutcomes model are the Stable Unit
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Treatment Value Assumption (SUTVA) and the Ignorable treatment mechanism assumption.
The core idea of SUTVA proposes that the units have no interactions. Also the
ignorable treatment mechanism assumption presumes that an assignment mechanism does
not affect the potential outcomes. As the potential outcomes are determined by the
assignment mechanism the assignhment mechanism plays an important role in the
potential outcomes model. We can classify different research studies through the
assignment mechanisms. The potential outcomes model is one part of the epistemology
and methodology revolution. It focuses on the convergence of experimental research and
observational research. What’ s more this model is meant to allow research to be
performed in an observational study from the perspective of an experimental study. In
fact this model is a powerful tool for judging the criteria of causal relationships. We
should learn from it and further develop this model in the context of social sciences.

Key Words Causal Inference; Potential Outcomes Model; Assignment Mechanism;

Experimental Studies; Observational Studies

@® ARTICLES
Financial Market: Concept Development and Institution Existence

ettt e Yanhong Lei
Abstract Although the government is the key actor in finance the existing research
does not attach enough importance to its role. Unlike the concept framework of the
“political market” in which the government acts as a pluralistic action subject in an
economic market andan economic explanation for political action can be offered this
article puts forward the concept of the “financial market”. In terms of form this
concept refers to the institutional arrangements mainly constructed by government which
aim to carry out transactions between government and taxpayers and to improve the
efficiency of resource allocations. Such kinds of institutional arrangementsare government’ s
publicity practice as a power organization. When it comes to action it refers to the
government’ s production and operation efforts which standardize the process of fiscal
revenue and expenditure in order to consolidate its public production qualifications. Such
effortsare an aggressive performance of power and are determined by the government’ s
exclusiveness as a power organization. Through concept elucidation and institution
interpretation  this study liberates government from its perceived identity of being

impartial unselfish and impersonal. It explains and standardizes the financial operation of
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